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IT Has Given Many Faces to Customer Service ...
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But One Feature Has Remained Unchanged ...
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Until ...

What make social media customer service (SMCS) so different
from traditional channels?
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Social Media Customer Service (SMCS) / Social Care

1 Public and connected
2 Extreme convenience

SMCS shifts power from firms to consumers.
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Response Rate and Delay to Complaining Tweets

In contrast with traditional call centers, on average, airlines
respond to less than half of the tweets directed at them by
complaining customers.
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Examples of Non-Response vs. Response
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Research Question
Do airlines have (implicit) racial bias while delivering customer
service on social media?

Figure: ATCR complaints of racial discrimination (2016-2017/8)

Discrimination, exclusion and unconscious biases are enormous problems
that no one has mastered, and we would never suggest that we have it all
figured out either ... What we know is we want to keep learning and we
want to be even better. — Douglas Parker@AA
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Peer-to-Peer (P2P) Bias

Crowdfunding: Loan listings with African-Americans in the
attached picture are less likely to receive funding than similar
whites. (Pope and Sydnor 2011).
Uber and Lyft: longer waiting times and more frequent
cancellations for African-American passengers (Ge et al.
2016).
Airbnb: guests with distinctively African-American names are
less likely to be accepted relative to identical guests with
distinctively white names (Edelman et al. 2017).
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Business-to-Consumer (B2C) Bias

A business entity is vicar-
iously liable, under the re-
spondeat superior doctrine,
for negligent acts or omis-
sions by their employees in
the course of employment.
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Hypothesis
Complaints to social media customer service from a racial minority
group, as cued by their social media profile pictures, are less likely
to be responded compared to otherwise similar customers.

+
1 Some employees may dislike customers of racial minorities and

be reluctant to serve them on social media.
2 Because of limited business-relevant information about social

media users, some employees may assess customer value based
on their racial identities.

–
1 Compared to P2P bias, the stake of B2C bias is much higher

for any company nowadays.
2 Unlike other forms of customer service where customer-brand

interactions are private, social media customer service
interactions are public.
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Data

Dependent Variable: 1 if responsed, 0 otherwise

Independent Variable: race, 1 if African-American, 0
otherwise

Control Variables:
1 cluster fixed effects to control for content topic and style
2 traffic: # of complaints received in the previous hour
3 linguistic features including length, complexity, offensiveness,

AFINN sentiment intensity, hashtag, URL
4 # of retweets

5 user characteristics: gender, # of followers, # of updates,
profile description

6 airline fixed effects and day-of-week fixed effects
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Falsification Test

The premise underlying our strategy to test the hypothesis is
that visual cue is the most likely trigger of racial bias.
So without a visual cue, we shouldn’t be able to detect the
bias. Otherwise, we have a spurious correlation.
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Race Detection from Text

15,000 Twitter users in the U.S. who tweet in English, and
have a valid profile image and a public timeline.
Tag the race and gender using 849 AMT workers where each
HIT (Human Intelligent Task) is labeled by three different
workers from the U.S.
Only users with at least two agreements and with specific race
category are considered valid.
8,187 users with valid race labels; 8,971 users with valid
gender labels.
Fetch the latest 3,200 tweets for each valid user and use that
as input to a deep learning-based race classifier.
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Performance of the CNN
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Falsification Test Results
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Why?
Sources of Discrimination

1 Animus-based (or taste-based) discrimination occurs when a certain
group is treated differently because that group is disliked or hated.

2 Statistical discrimination theories predict that disparate treatment
stem from decision-makers’ use of observable characteristics as
proxy for unobservable but outcome-relevant characteristics.

Conscious/Unconscious

1 Explicit bias is the traditional conceptualization of bias. With
explicit bias, individuals are aware of their prejudices and attitudes
toward certain groups.

2 Implicit bias refers to the attitudes or stereotypes that affect our
understanding, actions, and decisions in an unconscious manner.
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Why??

Unlike explicit bias, implicit bias is much harder to eradicate.

Figure: The challenge of generalization
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Humans are naturally good at generalization.
Maybe too good?
What if implicit bias is the flip side of overfitting?

How do we fight implicit bias? Less data ...
For social media customer service, just mask customer
profile pictures from agents.
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Humans are naturally good at generalization.
Maybe too good?
What if implicit bias is the flip side of overfitting?

How do we fight implicit bias? Less data ...
For social media customer service, just mask customer
profile pictures from agents.
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